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Introduction
The issue of crime is of major concern for the population and is often central to the political debate at elections time (Cohen, 2008) . This is all the more important in Australia that OECD figures (OECD, 2010) show it has the ninth highest victimisation rate for assaults or threats (3.4%) amongst OECD countries in 2005 (the OECD average was 2.9%). In terms of burglary with entry, Australia was ranked fifth highest in 2005 with a rate of 2.5%
(the OECD average was 1.8%). One of the reasons why crime is of such concern to the population is that the cost of crime expands well beyond the pecuniary costs incurred by the direct victims of crime.
A number of studies have highlighted that the non-pecuniary costs of crime far outweigh the direct costs such as medical expenses, days-off work, cost of replacement of goods and money stolen to the victims, etc. (Kuroki, 2013) . Anecdotally, Cornaglia et al. (2014) report evidence given at a US Senate Judiciary Committee whereby a 40-fold discrepancy was found between the pecuniary costs of crime and the population's willingness to pay to reduce crime. This discrepancy arises because crime is found to be associated with profound psychological issues. Crime affects other people because each instance of crime increases people's subjective risk of becoming a victim, thus increasing fear and anxiety (Powdthavee, 2005; Hanslmaier, 2013; Dustmann and Fasani, 2015) . The psychology literature has long highlighted a significant relationship between crime and a number of psychological problems such as depression, anxiety, fear, and even post-traumatic stress disorder developed by victims and those close to them (Atkeson et al., 1982; Davis and Friedman, 1985; Norris and Kaniasty, 1992) . More recently, the literature has started to investigate the relationship between psychological problems and self-assessed health and happiness. For instance, Ross (1993) and Moller (2005) find that people's subjective measure of health is negatively associated with feelings of fear and anxiety. These findings are corroborated by Moore (2006) who show that fear of crime (itself positively correlated with past victimisation) has a negative relationship with happiness (see also Davies and Hinks (2010) ; Staubli et al. (2014) ).
Since crime can have significant adverse consequences for the subjective well-being of victims and the society as a whole, the accurate estimation of these non-pecuniary costs of crime, which are not directly measurable, cannot be overstated. This is all the more important that the fast developing economics literature shows a direct relationship between self-assessed well-being and more tangible outcomes such as labour market outcomes. For instance, Fritjers et al. (2014) find evidence in Australia that a decrease in mental health leads to a comparatively large decrease in employment (one standard deviation decrease in mental health leading to up to a 30 percentage point decrease in employment). Comparatively similar results are found in other countries by Hamilton et al. (1997) , Chatterji et al. (2007 Chatterji et al. ( , 2011 and Ojeda et al. (2010) .
While there is ample evidence that direct experience of victimisation is negatively associated with people's subjective well-being, most of the studies cited above share three similar limitations. First, most of them use cross sectional data, thereby ignoring the role of unobserved individual heterogeneity. As crime events are not randomly distributed in the population, the estimated well-being effects of crimes can be misstated by comparing victims and non-victims in cross sectional data.
1 Second, the comparison of the consequences of crimes against the person and against property for people's subjective well-being is relatively unexplored, as pointed out by Staubli et al. (2014) . Finally, none of the existing studies has examined the potential heterogeneity in the effects of victimisation along the whole distribution of well-being.
This paper estimates the effects of crime victimisation on subjective well-being in Australia. Using data from the longitudinal Household, Income and Labour Dynamics in Australia (HILDA) survey, we use fixed effect panel estimators in order to address the issue of the confounding effects arising from the correlations between victimisation and unobserved heterogeneity. The information in HILDA about crimes against the person and property also allows us to compare the well-being effects of the two types of crimes.
Furthermore, this paper contributes to the literature by being the first to investigate the heterogeneous effects of victimisation on different quantiles of the subjective well-being distribution, using fixed effects quantile regression for panel data recently developed by Canay (2011) .
We find that both physical violence and property crimes negatively affect the subjective well-being of Australians, and the average effect is stronger for physical violence than for property crimes. Specifically, physical violence and property crimes are associated with a decline of respectively 0.30 and 0.03 standard deviation of the SF-36 mental well-being measure. Using panel data quantile regression with fixed effects, we find strong evidence of heterogeneous links between crime victimisation and happiness. The adverse effects of both physical violence and property crimes are found to monotonically decrease in magnitude over the distribution of the well-being distribution. In other words, crime (especially violent crime) exerts a larger negative impact on well-being for individuals who already were in the lower part of the well-being distribution to start with.
Comparing with other important negative life events such as (i) serious personal injury/illness; (ii) fired or made redundant; and (iii) death of spouse or child, we show that the mean impact of physical violence on well-being is well over that of losing one's job (through being fired or made redundant) but smaller compared to experiencing the death of a spouse/child or sustaining a serious personal injury/illness. We further show that the negative effects of property crimes are smaller in magnitude than the corresponding wellbeing effects of the three other life events, throughout the whole distribution of well-being.
While we find that the well-being losses due to physical crimes are smaller in magnitude than those of people suffering from severe personal injury/illness or death of spouse/child, most of the differences intervene in the lower percentiles of the well-being distribution.
Past the median, the effect of violent crimes on well-being is very close to that of these two major life events.
The remaining paper is organised as follows. Section two describes the data and presents summary statistics. Section three discusses the empirical approach. Section four presents the estimation results and Section five offers concluding remarks. 
Variables and descriptive statistics
In HILDA, respondents were asked to report the major events that have happened in their life during the past 12 months. Of central interest to us are the two crime-related variables:
(i) victim of physical violence (e.g., assault), and (ii) victim of a property crime (e.g., theft, housebreaking).
Our main measure of mental well-being is based on the 36-item Short Form Health Survey (SF-36), an internationally tested and widely used tool for measuring health (Hays et al., 1993; Hemingway et al., 1997) . In each wave of HILDA, respondents were asked all SF-36 questions about their physical health and mental well-being. Out of the 36 questions, 14 fall in the category of mental well-being, which can be divided into four scales that measure different aspects and components of mental well-being: (i) Vitality (VT) (measuring fatigue and energy scales); (ii) Social Functioning (SF) (measuring social limitations); (iii) Role-Emotional (RE) (measuring limitation in work or activities due to emotional health); and (iv) Mental Health (MH) (measuring feelings of anxiety and depression).
2 These four scales of mental well-being are provided in a standardized form in the HILDA Survey with a range from 0 to 100, with higher scores indicating better mental well-being. We generate our main measure of general mental well-being for each observation by calculating an average of the four scales. This overall measure has been widely used as index of mental well-being in a number of health studies (see, for example, Flatau et al. (2000) and Fritjers et al. (2014) ). We further divide this measure of general mental well-being and its four components by 10 so that they all range from 0 to 10.
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Descriptive statistics by victimisation status are reported in Table 1 Table 1 reports the mean subjective well-being by victimisation status. We use the two-sample t-test to test the null hypothesis that the mean well-being is equal for victims and non-victims. Crime victims are found to report significantly lower levels of subjective well-being than non-victims, offering initial evidence of a possible link between crime and well-being. In addition, a rough comparison of the well-being between victims and nonpain and limitations therefrom) and General Health (GH) (measuring health perception). victims suggests that the adverse well-being impact may be larger for physical violence (1.79=7.59-5.80) than for property crimes (0.49=7.59-7.10). 
Raw distributional differences in subjective well-being between crime victims and non-victims
In Table 1 we observed that victims of crimes, on average, report significantly lower levels of subjective well-being than non-victims. One may ponder upon whether these differences persist along the whole distribution of well-being and whether crime victimisation has heterogeneous effects on people with different levels of subjective well-being. We provide tentative evidence below that the well-being differences between victims and non-victims may indeed differ at different parts of the well-being distribution.
Figure 1 presents the kernel density estimates of the SF-36 mental well-being measure for each group defined by the type of crime and victimisation status. The two-sample Kolmogorov-Smirnov test rejects the null hypothesis that the subjective well-being for victims and non-victims come from the same distribution (p-value=0.000 for both physical violence and property crimes). Consequently, the distributions of subjective well-being for crime victims and non-victims are significantly different. 
Empirical approach
We consider the following equation
where SW B it denotes the subjective well-being of individual i at time t. V ictim 1it is an indicator variable equal to one if an individual is the victim of physical violence and zero otherwise. V ictim 2it indicates whether one is the victim of a property crime or not. X it is a vector of control variables typically related with well-being, including age, age squared, a married dummy, years of schooling, household income, number of family members, and a dummy variable indicating whether living in a major city. A full set of state of residence dummies and year dummies are also included. u i denotes the unobserved individual heterogeneity and it is the idiosyncratic error term.
We estimate equation (1) with fixed effects (FE) panel estimation. The within estimates of β 1 and β 2 separately measure the average effects of physical violence and property crimes on individual subjective well-being. Compared with OLS estimation, the FE panel estimation can remove the bias in β 1 and β 2 due to the unobserved individual heterogeneity
To explore the heterogeneous effects of crime victimisation along the well-being distribution, we use the panel data quantile regression model with fixed effects (QR-FE) recently developed by Canay (2011) . Modelling fixed effects as location shift variables, Canay (2011) shows that the QR-FE approach can be carried out in the following two steps. First, we estimate the unobserved fixed effects as
, where β 1 , β 2 and γ are obtained from the FE panel estimation of equation (1). Second, we implement the standard conditional quantile regression approach of Koenker and Bassett (1978) , using ( SW B it =SW B it − u i ) as the dependent variable. More specifically, we solve the following minimization problem
where ρ τ (u)=u[τ −I(u<0)] and I is an indicator function. β 1τ and β 2τ measure separately the estimated effects of V ictim 1it and V ictim 2it on the τ -th percentile of the distribution of SW B it . (Clogg et al., 1995) . We find strong evidence that females are more negatively affected by physical violence than males, when individual heterogeneity is not accounted for in OLS estimations.
Results

Victimisation and subjective well-being
However, OLS estimates suggest no gender differences in the mean well-being effects of property crimes. FE estimates are also found to be negative and highly significant but in much smaller magnitude than OLS estimates, indicating that ignoring unobserved heterogeneity overstates the adverse impact of crime victimisation on subjective well-being. On average, physical violence and property crimes are associated with a decline of respectively 0.30 (=0.566/1.90) and 0.03 (=0.066/1.90) standard deviations of the mental well-being measure. Consistent with the OLS estimates, the FE estimates of the average negative impact on mental well-being is still stronger for crimes against the person than for crimes against property. Furthermore, we cannot find evidence in FE estimates that physical violence has a stronger effect on the well-being of females than on the well-being of males. Property crimes are not found to exert differential mean effects on the wellbeing of the two genders. of the distribution of the SF-36 subjective well-being measure. As opposed to the average case, physical violence has about double the negative impact at the 10th percentile of the well-being distribution, while the effect is not statistically significant at the 90th percentile.
Similarly, we see a monotonic decrease in the detrimental impact of property crimes over the distribution of subjective well-being. This result corroborates our initial observation that people at the lower end of the well-being distribution feel the impact of crime to a larger extent than people at the higher end. It is quite clear that a focus on the average effects will conceal substantial heterogeneity in the effects of victimisation over the subjective well-being distribution. While we find significant and heterogeneous effects of physical violence and property crimes on the overall subjective well-being in Tables 2 and 3 , it is worth going further and investigating each component which make up this multifaceted indicator. Indeed, these heterogeneous effects may be stronger for some aspects of subjective well-being and weaker for others. For example, among the four constituents of the SF-36 mental well-being measure, Role-Emotional (RE) measures limitation in work or activities due to emotional health, while quite differently, Mental Health (MH) measures directly feelings of anxiety and depression. We estimated separately the effects of crime victimisation on each constituent of SF-36 mental well-being following the same methodology as we did with the overall SF-36, and illustrate the results at each decile of the well-being distribution in Figure 3 .
Consistent with the results reported in Table 3 , we find that the effects of physical violence are heterogeneous for each constituent of mental well-being, with much larger negative effects at the bottom part of well-being distribution than at the top end. Among the four constituents, Vitality (VT) is least affected by physical violence throughout the distribution. Social Functioning (SF) is more negatively affected by physical crimes than Mental Health (MH). The effects of physical violence on Role-Emotional (RE) show the greatest heterogeneity among the four components of mental well-being.
We also find dispersed effects of property crimes on each of the four constituents of the SF-36 mental well-being. Figure 3 shows that the effects of property crimes on Vitality 
Subjective well-being effects: victimisation compared with other life events
In this section, we compare the estimated impact of victimisation with that of other negative life events which were reported by individuals surveyed in HILDA, namely: (i) serious personal injury/illness; (ii) fired or made redundant; and (iii) death of spouse or child. Ta-ble 4 shows that 7.80% of the 96,503 observations in our sample reported serious personal injury/illness in the previous year. About 3.40% of them were fired or made redundant by employers and 0.59% experienced the death of spouse or children in the past 12 months. Previous studies have shown that these life events have negative effects on the mean subjective well-being (Clark et al., 2008; Binder and Coad, 2015) . We estimate the effects of these three life events on SF-36 mental well-being in Australia, using the same methodology as for victimisation. Table 5 below reports the results.
We find that these three adverse life events all have statistically significant effects on individual mental well-being. Looking at the mean estimates, the impact of physical violence on subjective well-being (with an estimated coefficient of -0.566) ranks below that of personal injuries (-0.706) and the death of spouse or child (-0.728) but is much larger (about 3 times larger) than the effect of being fired or made redundant (-0.168). On the opposite, property crimes have a comparatively small mean effect on well-being, ranking last with an estimated coefficient of -0.066.
However, similar to what we observe with victimisation, we find that these effects are heterogeneous along the well-being distribution. Their negative impact is mostly felt at the bottom end of the well-being distribution. So much so that most of the difference between the impacts of physical violence, personal injury and the death of a spouse or child occurs below the median of the distribution of well-being. The impact of these life events estimated at the median and the 75th percentile of the well-being distribution do not significantly differ from one another. Significant differences reappear at the 90th percentile where personal injuries and death of a spouse of child still exerting an impact as opposed to physical violence. 
Robustness checks 4.3.1 Does sample attrition affect the well-being effects of victimisation?
The longitudinal nature of the HILDA Survey allows us to address the bias due to unobserved individual heterogeneity in our estimations. However, one potential drawback of using panel estimator is sample attrition. People drop out of the panel survey due to various reasons such as refusal to respond, death or inability of survey team to locate them. It could even be that the people worst affected by crime drop out of the survey. If the characteristics of persons and households that attrite from HILDA are systematically different from those of people who remain, then our analyses that do not account for the possible selective nature of sample attrition may lead to biased estimates.
The issue of attrition in HILDA is well documented and has been the subject of a number of studies. Using the first few waves of HILDA, Watson and Wooden (2004) concur with Fitzgerald et al. (1998) that attrition is likely to affect constant terms rather than having a significant effect on the coefficient estimates in a regression context, can be applicable to the HILDA sample. They conclude that "for the first few waves at least, any bias is likely to be relatively small" (page 307). Further studies by Wooden (2006, 2007) find that there is a very large random component to non-response in HILDA
and attrition bias appears to be small. Furthermore, Cai and Waddoups (2011) corroborate this finding in their analysis of union wage effects using HILDA. In spite of these encouraging findings, we check whether attrition should be considered as a problem in the context of our study. We run both our FE and QR-FE models using the longitudinal weights available in HILDA that can be used to overcome the bias due to survey non-response and attrition (Watson and Wooden, 2004; Wilkins, 2014) . We find that when the attrition bias has been corrected with sample weights, the FE coefficient estimates of physical violence and property crimes are very similar to those obtained in the original models. With regards to whether or not sample attrition affects the QR-FE coefficients estimates at each decile of the well-being distribution, our results, depicted in Figure 4 , show that sample attrition has very trivial effects on our original findings. 
Using alternative measures of subjective well-being
It can be argued that the strong results we have obtained on the effects of crime victimisation on individuals' well-being may be partly due to how we measure well-being. We test this proposition by using alternative definitions of individuals' well-being as the dependent variable in the models. In each wave of HILDA, respondents were asked to rate their overall life satisfaction on a Likert scale of 0 (very dissatisfied) to 10 (very satisfied).
Life satisfaction measure has been used as a measure of general subjective well-being in many studies such as Clark et al. (2008) , Kuroki (2013) and Staubli et al. (2014) . Respondents were also asked to report their satisfaction with different domains of life such as employment opportunities, family relationship, amount of free time, etc. One variable of particular interest for this study is people's rating to the question of how safe they feel.
Crime victimisation is highly likely to change people's subjective feelings of safety. We opt to use both life satisfaction and safety satisfaction as alternative measures of subjective well-being in order to check the robustness of our findings. Table 6 reports the subjective well-being distributions found in HILDA by victimisation status for the two alternative definitions of subjective well-being. On average, crime victims are less satisfied with their life and safety than non-victims. A rough comparison also indicates that physical violence may be more detrimental to people's happiness than property crimes. Crime victims have higher propensity to report low levels of life satisfaction (such as 0, 1, 2, and 3) than non-victims, and they are less likely to report high levels of life satisfaction (such as 8, 9 and 10). In general, Table 6 shows similar patterns of subjective well-being distributions of crime victims and non-victims to those revealed in Figure 1 when subjective well-being is measured through the SF-36 index.
We use life satisfaction and safety satisfaction variables as dependent variables in our 7 Using an approach similar to that the one in Cai and Waddoups (2011), we run a FE panel regression of attrition at time t on victimisation status at t−1, controlling for the covariates used in the subjective well-being model. We find no evidence that crime victims are more likely to attrite from the survey than non-victims, suggesting that the potential bias due to different attrition by victimisation status is probably not of big concern. FE and QR-FE estimations. 8 The two dependent variables are categorical variables on an eleven-point Likert scale (0-10). They can be considered as approximately continuous and used in quantile regressions. Indeed, using data from the British Household Panel Survey (BHPS), Coad (2011, 2015) show that even when their subjective wellbeing measure is categorical on a seven-point Likert scale (1-7), quantile regressions can still uncover heterogeneous effects of covariates on different parts of subjective well-being distribution. Table 7 reports the FE and QR-FE estimates. We find very similar results to those reported in Tables 3 and 4 . The main findings are: (i) On average, both physical violence and property crimes reduce people's satisfaction with life, and we find the average negative impact on life satisfaction to be much stronger for crimes against the person than for crimes against property; (ii) The effects of physical violence and property crimes are highly 8 One concern of using measures of this type is their interpersonal comparability, as survey respondents may interpret and use the response categories differently (Ng, 1997) . When using the FE and QR-FE estimation, we do not need to assume that the answers to satisfaction questions are fully interpersonally comparable because the individual fixed effects (u i ) can adequately deal with this issue. In addition, the use of the linear specification assumes cardinality in satisfaction answers, which means that we have to assume that the difference in satisfaction between a three and a four for any individual is the same as between a five and a six for any other individual. Ferrer-i Carbonell and Frijters (2004) find that cardinality assumption generally does not lead to different conclusions. heterogeneous with much larger impact in the lower part of the life satisfaction distribution than at the higher end; (iii) Both physical violence and property crimes affect people's happiness with safety negatively, and the impact decreases along the distribution of safety satisfaction; and (iv) Physical violence and property crimes adverseimpact satisfaction with safety to a larger extent than for life satisfaction. One possible explanation for this finding is that the overall life satisfaction is a global conception of well-being that aggregates the happiness with different domains of life (van Praag et al., 2003) , and happiness with safety, one of the many domains of life, is a very important channel through which crimes victimisation affects life satisfaction. Although our estimations address the endogeneity bias arising from unobserved individual heterogeneity, they cannot address the bias that could arise from the possible reverse causality between crime victimisation and subjective well-being. If individuals who have experienced a negative shock to subjective well-being are more likely to become victims of crimes, then we may have overestimated the negative consequences of crime victimisation for subjective well-being. In this section, we test whether we observe significant declines in subjective well-being prior to crime victimisation. Namely, we test whether crime victimisation is a predictable event or not.
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We run FE panel regressions of subjective well-being measures on a set of dummy 9 To assess the degree to which the negative effect of victimisation on happiness can be explained by the associated declines in happiness with safety, we re-estimate the life satisfaction equation using satisfaction with safety as an additional control in the FE and QR-FE regressions. We find around one third of the average negative effect of physical violence on life satisfaction can be attributed to its negative impact on feelings of safety. Throughout the distribution of life satisfaction, the rising feelings of insecurity after physical violence can explain about 16% to 38% of the declines in life satisfaction. In contrast, the mean and distributional effects of property crimes on life satisfaction become insignificant after controlling for safety satisfaction, suggesting that the decreasing subjective well-being due to property crimes are solely driven by the deteriorating happiness about safety. A note of caution needs to be issued regarding the above findings as safety satisfaction is an endogenous variable when included in life satisfaction estimation. Ideally, we want to address the endogeneity problem of safety satisfaction using instrumental variable estimation. A valid instrument that is highly correlated with safety satisfaction but not correlated with life satisfaction is unavailable in HILDA.
10 The approach we take here is similar to the ones used in Clark et al. (2008) and Cornaglia et al. (2014) for examining the dynamic well-being effects of life events. variables indicating one year, two years, three and more years before and after the year when crime victimisation happened. The logic of our approach is that if there is a decline in subjective well-being prior to crime victimisation, the well-being effect of the dummy indicating two years prior to victimisation (t−2) on mental well-being (at time t) should be statistically different from the well-being effect of the dummy indicating one year before victimisation (t−1). Among all the year dummies, we select the dummy indicating one year before the victimisation (t−1) as the reference category. To our purpose of detecting whether there is a drop in subjective well-being before victimisation happens, we only need to test whether the estimated coefficient of year dummy (t−2) has a positive sign and whether it is statistically significant. Table 8 report the results of these tests. We find no evidence, on both types of well-being measures, that the coefficient on (t−2) dummy is both positive and statistically significant (relative to the reference (t−1) dummy). Thus, we find no evidence that people's subjective well-being becomes significantly lower prior to victimisation. What makes this conclusion more convincing is that the coefficient estimate of the year dummy indicating three or more years before the incident (t−(3+)) is also not statistically significant. This finding corroborates the previous speculations by Powdthavee (2005) , Davies and Hinks (2010) and Staubli et al. (2014) that it is intuitively implausible that subjective well-being affects victimisation in an adult population.
Consistent with our expectation, Table 8 shows that there is a significant difference in subjective well-being between the year prior to victimisation and the year of victimisation. The dynamic results provided in Table 8 indicate the negative impact of crime victimisation on subjective well-being is transitory. Crime victims experience a significant decline in subjective well-being throughout year following victimisation. They then will restore to pre-victimisation level one year after the event. Using data from the German Socio-Economic Panel, Clark et al. (2008) examine the dynamic effects of many life events such as marriage, divorce, widowhood, child birth and layoff on people's life satisfaction and they find evidence of complete adaptation to these life events in a short time span. We find similar evidence of adaptation in people's subjective well-being to crime victimisation.
Conclusion
This paper estimates the effects of crime victimisation on subjective well-being, using data from the longitudinal Household, Income and Labour Dynamics in Australia (HILDA) survey. Using fixed effects panel estimations, our analysis shows that both physical violence and property crimes negatively affect the subjective well-being of Australians. We find that the average effect is much stronger for physical violence than for property crimes. On average, physical violence and property crimes are associated with a decline of respectively 0.30 and 0.03 standard deviation on the SF-36 mental well-being scale. Using recently developed panel data quantile regression model with fixed effects, we find strong evidence of heterogeneous links between crime victimisation and happiness. The adverse effects of both physical violence and property crimes are most strongly felt at the lower end of the distribution of well-being.
Comparing the well-being effects of physical attacks and property crimes with three other life events (i) serious personal injury/illness; (ii) fired or made redundant; and (iii) death of spouse or child, we find that physical violence is much more distressing than being fired. While we find the mean effect of violent crimes to be smaller than that of personal injury/illness and the death of a spouse or child, we also find that these three life events are much closer than originally seems when one accounts for the heterogeneity of the effects along the well-being distribution. Indeed, most of the differences are observed in lower deciles of the distribution where the effects are stronger while the magnitude of the effects is much more concentrated above the median of the distribution. Accounting for the distributional heterogeneity of the effects of crime illustrates the highly damaging effect of violent crimes on people at the lower end of the well-being distribution. By contrast, we find that the distributional negative well-being effects of property crimes to be relatively small.
Our findings of adverse effects of victimisation on subjective wellbeing are robust to (i) the correction of sample attrition in HILDA and (ii) the usage of alternative well-being measures (life satisfaction and safety satisfaction) as dependent variables. Furthermore, we cannot find evidence that the negative well-being effects of crime victimisation are driven by reverse causality (in which case people may experience a negative shock to subjective well-being before becoming crime victims).
An important result of this study is that the negative effects of crime on well-being are intense but short-lived, to an extent that is similar to all other negative (and positive) life events (Clark et al., 2008) . People adapt. However, this is not to say that before they do adapt, the adverse consequences of crime on well-being are likely to snowball into further negative outcomes, having themselves further consequences on individuals' well-being. For instance, using the same data, Fritjers et al. (2014) find that a one standard deviation decrease in mental health leads to 30 percentage point decrease in employment. We do find that violent crime decreases well-being by 0.30 standard deviation, suggesting that the employment effect of experiencing violent crimes may be in the magnitude of 10 percentage points.
The findings reported in this paper have important policy implications. Non-pecuniary costs of crime such as psychological well-being losses of victims should be taken into consideration by policy makers, in addition to pecuniary costs such as financial losses and medical expenses. From the policy perspective, the consideration of the previously unmeasured cost of crime strengthens the case for public spending to combat crime. Furthermore, crime leads to important shocks to individual subjective well-being which could be offset, would victims be provided with adequate professional support following such traumatic life events. This is an area where public policy can potentially increase its involvement over and beyond its usual roles of crime prevention and financially compensating victims.
